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This paper: 1-slide summary

[1] Identify a push shock to capital flows.
Q Postt : dummy equal to 1 from 2002 to 2007, and 0 otherwise.

[2] Classify banks based on their exposure to the push shock.
Q Expb: share of foreign liabilities over 1998-2000.

[3] Estimate relative increase in credit supply for exposed banks.
Q αit : firm-time fixed effect (Khwaja and Mian (2008) within estimator).

[4] Classify firms based on their productivity and financial constraints.
Q Di: High/Low dummy based on MRPK/TFPR and Total Assets.

[5] Estimate which firms benefited more from increase in credit supply.
Q Same estimator as in [3], by Di.
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This paper: What did I learn?

I Banks that relied more on foreign funding before the shock increasedtheir credit supply relatively more than the average bank.
ln Cibt = αib + αit + β (Expb × Postt) + ...+ εibt

POSITIVE β
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I Banks that relied more on foreign funding before the shock increasedtheir credit supply relatively more than the average bank.
ln Cibt = αib + αit + β (Expb × Postt) + ...+ εibt

POSITIVE β

I Increased credit supply was directed to high-productivity, high collateralfirms:
ln Cibt = αib + αit+ βHigh

(DHigh × Expb × Postt) +

βLow
(DLow × Expb × Postt) +...+ εibt

βHigh LARGER THAN βLow
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This paper: What did I learn?

I Banks that relied more on foreign funding before the shock increasedtheir credit supply relatively more than the average bank.
ln Cibt = αib + αit + β (Expb × Postt) + ...+ εibt

POSITIVE β

I Increased credit supply was directed to high-productivity, high collateralfirms:
ln Cibt = αib + αit+ βHigh

(DHigh × Expb × Postt) +

βLow
(DLow × Expb × Postt) +...+ εibt

βHigh LARGER THAN βLow

I But also: to low collateral firms, conditional on being high productivity.
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My comments

I Really liked the paper. Important question, great data, novel approachrelative to the existing literature (e.g. Gopinath et al. (2019)).

I Some issues for discussion:
[#1] Persistence.
[#2] Identification of the push shock.
[#3] Sorting of banks and firms.
[#4] Triple interactions.
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[#1] Persistence

I Baseline specification:
ln Cibt = αib + αit + β (Expb × Postt) + ....+ εibt

I Log-level of outstanding credit (ln Cibt) surely is highly persistent.Problematic.

I Including ln Cib,t−1 to control for persistence leads to standard bias indynamic panel regressions.
I Safer to estimate:

∆ lnCibt = αib + αit + β (Expb × Postt) + ....+ εibt

FIRST DIFF.
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[#2] Identification of a push shock to capital flows

I Postt: time dummy equal to 1 from 2002, and 0 otherwise.
Q Sharp acceleration in Italian banks’ foreign liabilities (KF ITt ) from 2002:Q3.
Q Literature attributes much of this increase to push factors.[Lane (2013), Hale and Obstfeld (2016), Amiti et al. (2017)]

I Can do better than that! Some issues:
Q A big fraction (but surely not all) of KF ITt was driven by global factors.
Q Need to take a stand on the timing of the shock.
Q Don’t fully exploit time variation in your data set.

Introduction 1. Persistence 2. Push shock 3. Sorting 4. Triple interactions Other Conclusions #8



[#2] Identification of a push shock to capital flows

I Postt: time dummy equal to 1 from 2002, and 0 otherwise.
Q Sharp acceleration in Italian banks’ foreign liabilities (KF ITt ) from 2002:Q3.
Q Literature attributes much of this increase to push factors.[Lane (2013), Hale and Obstfeld (2016), Amiti et al. (2017)]

I Can do better than that!

Some issues:
Q A big fraction (but surely not all) of KF ITt was driven by global factors.
Q Need to take a stand on the timing of the shock.
Q Don’t fully exploit time variation in your data set.

Introduction 1. Persistence 2. Push shock 3. Sorting 4. Triple interactions Other Conclusions #8



[#2] Identification of a push shock to capital flows

I Postt: time dummy equal to 1 from 2002, and 0 otherwise.
Q Sharp acceleration in Italian banks’ foreign liabilities (KF ITt ) from 2002:Q3.
Q Literature attributes much of this increase to push factors.[Lane (2013), Hale and Obstfeld (2016), Amiti et al. (2017)]

I Can do better than that! Some issues:
Q A big fraction (but surely not all) of KF ITt was driven by global factors.
Q Need to take a stand on the timing of the shock.
Q Don’t fully exploit time variation in your data set.

Introduction 1. Persistence 2. Push shock 3. Sorting 4. Triple interactions Other Conclusions #8



[#2] Identification of a push shock to capital flows
I Can isolate the component of KF ITt that is due to push factors with a smallopen economy assumption. [Cesa-Bianchi, Ferrero, Rebucci (2018)]

I E.g.: Project log-changes of Italian banks’ foreign liabilities on their worldcounterpart:
∆KF ITt = c+ λ∆KFt + εITt , with KFt =

∑
KFkt ∀k 6= IT

I Fitted value λ̂∆KFt can be interpreted as the component of∆KF ITt that isdriven by push factors.
Q Assumption: country-specific pull shocks cannot affect the world factor incapital flows.

I Then, can estimate:
∆ lnCibt = αib + αit + β

(
Expb × λ̂∆KFt

)
+ ...+ εibt

FIRST DIFF. PUSH SHOCK
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[#2] Identification of a push shock to capital flows
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NOTE. Fitted values from a regression of the log-change in the stock of Italy foreign liabilities (∆KF ITt )on a constant and the log-change in the global stock on foreign liabilities (∆KFt ). The solid blue lineplots λ̂∆KFt . The solid yellow line plot Postt rescaled by a factor of 4.
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[#3.1] Sorting of banks by exposure to push shock

I Expb: Share of foreign liabilities over total liabilities for bank b over the1998-2000 period.
I Main idea Banks with high Expb over 1998-2000 have a greater fundingopportunity from push shock in 2002-2007.
I Assumption Difficult/costly for lenders to change their liability structure.

I How reasonable is this ex-ante classification?
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[#3.1] Sorting of banks by exposure to push shock

I Large degree of persistence in the share of foreign liabilities whencomparing 1998-2000 vs 2002-2007 averages.

O
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[#3.1] Sorting of banks by exposure to push shock

I Large degree of persistence in the share of foreign liabilities whencomparing 1998-2000 vs 2002-2007 averages.
I Additional evidence welcome:

Q How does the 1998 vs. 2007 scatter look like?
Q How does the distribution of Expb look like over time?

I Alternative Data is rich enough to compute Expb by year. Then, canestimate:
∆ lnCibt = αib + αit + β

(
Expb,t−1 × λ̂∆KFt

)
+ ...+ εibt

FIRST DIFF.
PUSH SHOCK

BANK EXPOSURE IN t-1
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[#3.2] Sorting of firms by productivity and financial
constraints
I Di: firm dummy equal to 1 if a firm characteristic over the 1998-2000period is greater than its sectorial average, and 0 otherwise.

Q Firms sorted by productivity (MRPK/TFPR) and collateral constraints(Total Assets).

I Again, some concerns about ex-ante classification (firm life-cycledynamics).
I Alternative Data allows to compute Di by year. Then, can estimate:

∆ lnCibt = αib + αit+ βHigh
(
DHighi,t−1 × Expb,t−1 × λ̂∆KFt

)
+

βLow
(
DLowi,t−1 × Expb,t−1 × λ̂∆KFt

)
+...+ εibtFIRST DIFF.

PUSH SHOCK

BANK EXPOSURE IN t-1

FIRM DUMMY IN t-1
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[#4] Sharpening the inference: Triple interactions

I Bank-firm-time dimension not fully exploited⇒ Can add bank-time fixedeffects.
Q Control for both observed and unobserved time-varying heterogeneity atfirm and bank level. [Jimenez et al. (2014)]

I Triple interaction regression:
∆ lnCibt = αib + αbt + αit + β

(
DHighi,t−1 × Expb,t−1 × λ̂∆KFt

)
+ ...+ εibt

I β captures increase in credit supplied by a bank that is relatively moreexposed to push shock to a firm that is relatively more productive.

FIRST DIFF.
PUSH SHOCK

BANK EXPOSURE IN t-1

FIRM DUMMY IN t-1

BANK-TIME FE
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Other points

Financial constraints
I Size (Total Assets) used as a proxy for firms’ financial constraints.
I Many other dimensions to consider:

Q Leverage, age, liquid assets, etc.
Q Should add all of them in the triple interaction regression.

Standard errors
I Standard errors clustered at the bank-sector (2 digits) level. Should bemore conservative?

Q Two-way clustering by bank and year.
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In sum: Great paper on an important question

I Big issue of whether (cross-border) credit gets allocated to highproductivity firms.
Q E.g.: southern Europe productivity slowdown.

I This paper Exploits granular bank-firm-time data to provide evidence oncapital flows and misallocation.

I Can provide (even) more convincing evidence.
Q Identification of the push shock in the time series.
Q Sharper inference in the cross-section.

I Looking forward to future versions!
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